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Abstract

Qualitative secondary analysis has generated heated debate regarding the

epistemology of qualitative research. We argue that shifting to an abductive

approach provides a fruitful avenue for qualitative secondary analysts who

are oriented towards theory-building. However, the concrete implementa-

tion of abduction remains underdeveloped—especially for coding. We

address this key gap by outlining a set of tactics for abductive analysis that
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can be applied for qualitative analysis. Our approach applies Timmermans and

Tavory’s (Timmermans and Tavory 2012; Tavory and Timmermans 2014)

three stages of abduction in three steps for qualitative (secondary) analysis:

Generating an Abductive Codebook, Abductive Data Reduction through

Code Equations, and In-Depth Abductive Qualitative Analysis. A key contribu-

tion of our article is the development of “code equations”—defined as the

combination of codes to operationalize phenomena that span individual

codes. Code equations are an important resource for abduction and other

qualitative approaches that leverage qualitative data to build theory.
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Introduction
In the analysis of qualitative data, many researchers anchor their methodolo-
gical approach—explicitly or not—in grounded theory as developed by
Glaser and Strauss (1967) and elaborated further by Glaser (1992), Strauss
(1987), and Charmaz (2000). While grounded theory offers a useful set of
steps for conducting and analyzing qualitative data and has generated rich
and insightful bodies of work, Deterding and Waters (2018) argue that
grounded theory’s “central prescription—theoretical sampling toward satura-
tion, strongly inductive analysis, and full immersion in the research field—
bear little resemblance to the actual methods used by many large-scale inter-
view researchers” (Deterding and Waters 2018, 2).

From this observation arises the issue of what avenues are to be taken to
analyze qualitative data when scholars’ research practices do not match the
central prescriptions of grounded theory. In this article, we take part in this
ongoing conversation by focusing on qualitative secondary analysis of
several datasets, one of many research practices that are misaligned with
grounded theory. Qualitative secondary analysis entails the use of already
produced qualitative data – interviews (face-to-face or focus groups), field
and observations’ notes – to develop new social scientific and/or methodolo-
gical understandings (Irwin 2013).

While being developed as a new methodological approach for more than
two decades (Bishop and Neale, 2011; Corti, 2006, 2012; Corti, Witzel and
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Bishop 2005; Fiedling, 2004; Beck 2018; Hughes and Tarrant 2020;
Duchesne 2017), qualitative secondary analysis has generated a heated
debate related to the epistemology of qualitative research (Hammersley,
1997, 2010; Mauthner et al. 1998; Savage 2005; Duchesne 2017).
Opponents have extensively discussed how qualitative secondary analysis
contradicts the prescriptions of an inductive epistemology of qualitative
research. In this article, rather than giving up on qualitative secondary ana-
lysis, we argue that shifting to an abductive approach (e.g. Timmermans
and Tavory 2012; Tavory and Timmermans 2014) provides a fruitful
avenue for qualitative secondary analysts who are oriented toward theory-
building. Abduction thereby provides both an epistemology and a method
of analysis that is adapted to some of the contemporary research practices
of qualitative scholars. However, in the burgeoning literature on abduction,
the concrete implementation of an abductive logic of inference remains
underdeveloped (for a recent contribution, see Brandt and Timmermans
2021)—and especially for coding. In this article, we address a key gap in
the abduction literature by outlining a set of tactics for abductive analysis
that can be applied to secondary as well as to primary data analysis.

Our approach applies Timmermans and Tavory’s (Timmermans and
Tavory 2012; Tavory and Timmermans 2014) three stages of abduction—
Revisiting the Phenomenon, Defamiliarization, and Alternative Casing—in
three steps for qualitative (secondary) analysis: Generating an Abductive
Codebook, Abductive Data Reduction through Code Equations, and
In-Depth Abductive Qualitative Analysis. Concretely, researchers start with
a deductive codebook and through the process of coding, build the code-
book—and by extension build theory—by developing data-driven inductive
codes that document theoretically anomalous cases (step 1). Our strategy uses
Qualitative Data Analysis (QDA) software to combine codes to operationa-
lize complex phenomena that span codes in the abductive codebook. We
refer to this as a “code equation” (step 2). This step is crucial for data reduc-
tion and allows for further inductive coding that facilitates a final round of
qualitative analysis (step 3).

We discuss the generally applicable features of each step, as well as their
respective payoff in terms of the overarching abductive approach. Being
explicitly directed towards theory-building, we argue that each of these
coding tactics enriches the analysis and cultivates the conditions for generat-
ing creative and novel theoretical insights. In that respect, our intent is not to
infringe upon the creative process of theory-building. Rather, it is to outline a
set of strategies that foster the principles set out by Timmermans and Tavory
(Timmermans and Tavory 2012; Tavory and Timmermans 2014) and can
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help to facilitate this creative process—as well as to facilitate other scholars’
development of similar applied tactics that can enrich abductive analysis and
theory-building in ways to go beyond the scope of our article. We also echo
Timmermans and Tavory’s application of Peirce’s (1934) philosophy to qua-
litative analysis as a strategy for building theory. In that regard, a key contri-
bution of our article is the development of “code equations”. We argue that by
combining codes, qualitative researchers can operationalize increasingly
complex phenomena and answer increasingly complex research questions.
Code equations are then a key resource for abduction and other qualitative
approaches that leverage qualitative data to build theory.

While we illustrate the three steps of abductive analysis using our experi-
ences with abduction in ATLAS.ti, the tactics we develop in the article can be
applied with any QDA software on primary or secondary data. Drawing from
our research, we use existing qualitative data on citizens’ perceptions of demo-
cracy from three qualitative data sets that consist of interviews and focus
groups collected by different researchers from the mid-1990s until 2017 in
the United Kingdom1.

We proceed as follows: After setting up the terms of the methodological
debates surrounding the secondary qualitative analysis, we present the abduc-
tion literature as a strategy for tackling some of these issues and highlight how
our approach responds to the gap in this scholarship concerning tactics for
abductive coding. In the next section, we discuss our framework for coding
as it applies these steps, outline our corresponding tactics, and provide exam-
ples from our own research. We conclude by discussing the implications of
our method, as well as its limitations beyond the illustrative case of secondary
analysis that we present here.

Secondary Qualitative Analysis: From Induction
to Abduction
In this section, we show that based on an abductive approach, the key features
of secondary qualitative analysis can be leveraged to support theory building
through abductive coding. Thus, the perceived limits of secondary qualitative
analysis that ground our discussion—and/or primary qualitative analysis that
challenges the prerequisites of grounded theory and induction–constitute an
opportunity for theory construction and abductive analysis. Building on
Timmermans and Tavory’s three steps of an abductive approach, we then
discuss how we apply them to build abductive coding of qualitative secondary
data and, thereby, fill the related gap in the scholarship on abduction.
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Resistance to Qualitative Secondary Analysis from an Inductive
Epistemological Perspective

In the last decades, qualitative repositories such as the Henry A. Murray
Research Centre (Harvard), the Qualitative Data Repository (Syracuse), the
Australian Data Archive, the UK Data Archive, or BeQuali (Sciences Po
Paris) have flourished.2 These data repositories offer new opportunities for
researchers to reanalyze qualitative data sets and thus perform qualitative sec-
ondary analysis (Duchesne 2017; Hughes and Tarrant 2020). Secondary ana-
lysis is understood as “a research strategy which makes use of pre-existing
quantitative or pre-existing qualitative research data to investigate new ques-
tions or verify previous studies” (Heaton 2004, 16). In sum, qualitative sec-
ondary analysis entails the use of what Salganik (2018) calls “ready-made
data” in reference to Marcel Duchamp’s art in his discussion of big data in
social sciences.

The development of qualitative secondary analysis has generated large
debates on the new research possibilities it may offer (Hughes and Tarrant
2020). Specifically, three arguments have been put forward to oppose quali-
tative secondary analysis. Opponents insist that a relevant analysis of quali-
tative data is conditional upon the participation of the analyst in data
collection (Mauthner et al. 1998; Mauthner and Parry 2009, 2013; Parry
and Mauthner 2005). In their landmark article, Mauthner et al. (1998), high-
light that while researchers’ role in interpreting and theorizing the data is
crucial, so is their role in data construction (ibid 1998: 733). They argue
that there is a fundamental epistemological issue with qualitative secondary
analysis relating to the reflexive and interpretive nature of the research para-
digm within which qualitative researchers reside (ibid 1998). Failing to
acknowledge this epistemological issue would result in researchers unwil-
lingly adopting a “naively realist” position. Relatedly, another issue of quali-
tative secondary analysis pertains to whether it is possible to analyze data
outside of the original context in which it was collected (Moore 2007;
Heaton 2004). Parry and Mauthner (2005) consider that a key distinctive
feature of qualitative data analysis in comparison to quantitative data is the
paramount importance of the context of production. Because secondary ana-
lysts who were not involved in the data collection are likely not to be privy to
primary researchers’ experience (Beck 2018: 13), Parry and Mauthner doubt
that qualitative data can be reused to generate new substantive findings and
theories in an equivalent way to quantitative data (see also Thorne 2013).
Moreover, as qualitative secondary analysis requires assembling existing qua-
litative data sets into a new corpus, critics point that this reconfiguration of
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data challenges primary research’s theoretical sampling, thereby bringing
back the usual questions about representativeness and generalizability of
qualitative research. Some argue that secondary qualitative analysis could
exacerbate the representational problems of the primary research (Beck
2018: 14).

These opposing arguments to qualitative secondary analysis raise fair con-
cerns that should certainly be considered with the necessary reflexivity by
secondary analysts but which we do not have space to address directly.
Instead, we want to emphasize that they reflect and are embedded in a specific
epistemological perspective which, essentially, is inductive and closely
echoes grounded theory’s “central prescriptions” (see Deterding and
Waters 2018, 2). Arguments about the primacy of researchers’ experiences
with interviewees and their close knowledge of the context of data production
during data analysis relates to grounded theory’s idea that scholars should be
fully immersed in their research fields and that data analysis should be
“strongly inductive” (Deterding and Waters 2018, 2). This prescription
runs contrary to practices of secondary analysis, where the amount of data
is typically larger than in primary research as secondary analyses respond
to research questions that usually extend beyond one sample and rely on
the use of multiple data sources. Thus, a main issue is data reduction more
so than immersion in the research field.

More importantly, induction is practically contradicted in any secondary
analysis. To become familiar with the secondary data they reanalyze,
researchers have to be aware of—and sensitized to—the research questions,
theories, and concepts that drove primary researchers. Similarly, the argument
about how theoretical sampling reflects a conceptualization where saturation
is the main objective. In qualitative secondary analysis, sampling is theoreti-
cal but does not aim necessarily for saturation. Instead, comparison is key and
sampling rather relies on the principle of diversity. Scholars’ research ques-
tions drive which data sets they select when creating a secondary qualitative
data corpus—thus creating opportunities for comparative secondary research
(Halford and Savage 2017). Sampling data based on the goal of diversity,
thereby, is instrumental in gaining theoretical traction more so than saturation.

Because the heated debate on the epistemology of qualitative research gen-
erated by qualitative secondary analysis has mainly remained anchored in an
inductive epistemology, the potential of secondary qualitative methodology
has been poorly evaluated. However, acknowledging that qualitative second-
ary analysis does not match the requirements of an inductive approach of data
analysis does not mean that this type of analysis is a dead-end. Rather, we
suggest that a shift to an abductive approach is an avenue forward as it
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allows us to leverage the defining features of qualitative secondary analysis in
order to build theory.

Abduction as an Avenue Forward

The application of abduction to qualitative research as a technique for theory-
building (Timmermans and Tavory 2012; Tavory and Timmermans 2014)
arose in the context of intense debate over the use of induction versus deduc-
tion (Jerolmack and Khan 2017). Glaser and Strauss (1967) have been hugely
influential in advancing inductive approaches, while scholars such as Michael
Burawoy (1998, 2009) have shaped the discourse around deductive analysis
in qualitative methods via the Extended Case Method. In this context,
Timmermans and Tavory (Timmermans and Tavory 2012; Tavory and
Timmermans 2014; Tavory 2016; Tavory and Timmermans 2019) advanced
the strategy of “abduction” to move beyond the induction versus deduction
debate. Abduction is then part of a movement that highlights what its propo-
nents see as a false dichotomy between inductive and deductive analysis
(Goldberg 2015; Wagner-Pacifici, Mohr, and Breiger 2015).3

Abduction as a method of data analysis was initially developed by Peirce
(1934) as a way to draw inferences that are oriented towards theory-building.
It refers to the iterative process between theoretically surprising cases4 and
tentative explanations (Coffey and Atkinson 1996; Kelle 2007; Reichertz
2007; Strübing 2007; Timmermans and Tavory 2012; Tavory and
Timmermans 2014). As such, abduction is distinct both from deduction
and induction but combines features of both types of inference. What sets
abduction apart from a purely (ideal-typical) inductive form of inference is
that the observed phenomenon does not contain an explanation in itself
(induction), neither does it constitute a new case of an already known
general rule (deduction), but is rather a combination of both.

From theoretically surprising empirical cases, “[a]bduction is the process
of forming an explanatory hypothesis” (Peirce 1934, 171). Once these cases
are “discovered,” researchers then combine multiple explanations to formu-
late a theoretically sound account of it (Reichertz 2007, 159–164).
Subsequently, researchers test these inductive, theoretically-grounded expla-
nations against existing and additional empirical data, which may result in
another round of theory building. For Peirce, abduction, induction, and
deduction are thus not exclusive inferences but act at different stages of the
research process—which is iterative in nature.

In particular, abduction starts with a set of theories and extends them by
looking for theoretically anomalous empirical cases. Empirical observations
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are anomalous, novel, or surprising only based on what is already theoreti-
cally established or what is expected based on existing theories—which there-
fore serve as a benchmark to identify unexpected empirical observations.
Existing theories are also an essential part of forming new hypotheses—as
the latter stem from the mismatch between empirical observations and the
former. On a theoretical level, new hypotheses can be generated only when
all other possible theoretical explanations have been exhausted and proved
unable to account for the observations at hand. In an abductive analysis, the-
oretical breadth is thus necessary for theory-building (Timmermans and
Tavory 2012; Tavory and Timmermans 2014).

Abduction has been largely influential in the past five years in qualitative
sociological research—as is evidenced by its application by European
(Vassenden and Jonvik 2019) and American (Carlson 2017, 2018, 2019;
Timmermans 2017; Reilly 2018; Blee 2019; Vila-Henninger 2020) scholars.
Abduction has also been embraced by computational methods. For example,
Ignatow (2020) develops strategies for “digital abduction,” while Karell and
Freedman (2019) develop “computational abduction.” Some analysts have
even performed what could be seen as secondary qualitative analysis using
abduction (Blee 2019) whereas Brandt and Timmermans (2021) propose an
abductive logic of scientific inference for quantitative research.

Although some qualitative researchers have hinted that abduction could be
useful for coding qualitative materials (Deterding and Waters 2018), there is
however an important gap in the literature concerning how abduction and
abductive coding can be used concretely by researchers as a strategy for
theory-building. Carleheden (2016), who is critical of abduction, calls for
an elaboration of how abduction is to be carried out. Despite this call to
action, scholars have yet to outline strategies that can be used across research-
ers to guide abductive coding and analysis. For example, Blee (2019) and
Rinehart (2021) both provide personal insights into using abduction—
which by nature are useful but do not take the additional step to leverage
these insights into a set of tactics that cultivate the abductive logic of
theory discovery as innovative and creative.

Abductive Analysis and Qualitative Secondary Analysis

We start from Timmermans and Tavory’s three steps of an abductive
approach—Revisiting the Phenomenon, Defamiliarization, and Alternative
Casing—and discuss how we apply them to build abductive coding of quali-
tative secondary data. In parallel, we build on our own experience of
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abductive secondary analysis in order to outline a set of tactics that facilitate
abductive coding and cultivate these three steps.

“Revisiting the Phenomenon” is the first of these steps. Abduction depends
on the ability to consider empirical observations in light of different theories
—or to “revisit” them (Timmermans and Tavory 2012). Through revisiting
the data, different aspects may become salient, leading to an empirically-
based revision of the theory. This revisit then helps “to sensitize different the-
oretical approaches” (ibid: 176). Thus, Timmermans and Tavory submit that
revisiting a set of empirical observations “is a way to harness temporality in
the service of theory construction” (ibid: 176) in the sense that over time,
initial descriptions and analyses evolve and additional theoretical lenses are
incorporated. This process then brings to light empirical features of the
data that may have initially been overlooked by the analyst(s). In this way,
researchers use extant theory to discover theoretically anomalous or surpris-
ing cases in the data through their revisit.

In secondary qualitative analysis (Davidson et al. 2019), the revisit is a
defining feature. However, because of the amount of data that could be mobi-
lized, the sensitization to different theoretical approaches operates under sen-
sibly distinct conditions. In Abductive Coding, we contend, the revisit has to
be supported by the initial steps of data analysis. The initial codebook must be
theoretically broad so that multiple theoretical perspectives are built-in (see
step 1.a). Such a theoretically-encompassing codebook is instrumental in
looking at the data from multiple theoretical lenses. Yet “Revisiting the
Phenomenon” is not limited to the initial steps of coding—as it also occurs
along with data reduction. We propose that data reduction takes the form
of code equations (see step 2.a). These theory-driven combinations of
codes allow for specific operationalizations of each theory—and the deduct-
ive test is conducted through the application of these code combinations to the
interview data. It is through this revisit, in the form of abductive coding, that
anomalous cases can be found that then help to extend the researcher’s broad
initial theoretical framework (see step 3.a and step 3.b).

According to Timmermans and Tavory (Timmermans and Tavory 2012;
Tavory and Timmermans 2014), defamiliarization of the data is another meth-
odological stage that supports an abductive logic of data analysis. The idea is
to question the taken for granted to see the data differently. Here also, time
can work as a support of abductive analysis as the loss of immediacy with
data collection results in defamiliarization with the data. This process of defa-
miliarization then facilitates the discovery of anomalous cases.

In the reanalysis of qualitative data, as in medium and large-N qualitative
studies, it is unlikely that the researcher(s) initially have an extended
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familiarity with the data on which they are working. In this context, it may be
that it is through familiarization with the corpus, and the studies it includes,
that new or unexpected empirical observations emerge. We argue that famil-
iarization with the data occurs through deductive coding—and subsequent
inductive coding allows for identifying theoretically anomalous observations
(see step 1.b) and thus for defamiliarization. As highlighted by Deterding and
Waters (2018), coding is an integral part of (de)familiarization with the data.
However, familiarization with the data—which in secondary qualitative ana-
lysis takes the place of “Defamiliarization” for the primary individual
researcher—also occurs after data reduction when researchers verify code
equations to ensure that the phenomenon they aim to operationalize is
present (see step 2.b). When this is not the case, it may be that the code equa-
tion is incomplete or partly only adjusted to the given phenomenon—which
subsequently triggers a further reconsideration of the phenomenon and of its
conceptualization. Furthermore, (de)familiarization happens in the final step
of abductive data analysis (see step 3.a) when reduced cases are inductively
recoded to account for the nuances of the phenomenon at stake. These
reduced cases call researchers to look at data differently and operate as a
trigger for theory-building. In that respect, (de)familiarization not only
serves to discover the anomalous cases in the data but also to generate new
theoretical insights to account for them.

Alternative casing is the third methodological stage (Timmermans and
Tavory 2012; Tavory and Timmermans 2014). For Timmermans and
Tavory, “[e]ach casing abstracts and highlights different aspects of the phe-
nomenon, rendering it comparable to different phenomena and turning it
into a generalization that then can be linked to other fields and theories”
(ibid 2012: 177). In that sense, “the theoretical background is foregrounded
as a way to set up empirical puzzles” (ibid: 177).

Alternative casing is then an in-depth case study that applies a theory, or
set of theories, in great detail. Alternative casing is an inherent part of the
process of analysis—especially when working in a team, as collaborators
are likely to study different aspects of the main research question and
thereby draw from different bodies of scholarship. In that sense, teamwork
as such supports alternative casing. Also, alternative casing is supported
through the step of data reduction when code equations are built based on
existing theories to study the empirical data (see step 2.a). Finally, alternative
casing takes place in extended qualitative analysis (see steps 3.a and 3.b).
Thus, in our approach, “Alternative Casing” occurs through qualitative ana-
lysis, in which researchers apply different theoretical frameworks at length to
key empirical cases.
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Unpacking Abductive Analysis in Coding
To respond to the gap in the literature and help facilitate abductive theory-
building, we outline in this section a set of tactics for abductive coding of sec-
ondary and primaryy data. This approach combines traditional approaches to
abduction (Peirce 1934) with qualitative methodological strategies
(Timmermans and Tavory 2012; Tavory and Timmermans 2014). We also
build upon computational applications of abduction (Karell and Freedman
2019; Ignatow 2020), the “Breadth-and-Depth Method” (Davidson et al.
2019) for qualitative secondary analysis5 and the “Flexible Coding” approach
(Deterding and Waters 2018). Furthermore, our approach develops out of—
and contributes to—the insights provided by qualitative, non-computational
applications of abduction (Carlson 2017a, 2017b, 2019; Timmermans
2017; Reilly 2018; Blee 2019; Vassenden and Jonvik 2019; Vila-
Henninger 2020). Finally, our approach stems out of what Tavory and
Timmermans (Tavory and Timmermans 2014; Fine and Tavory 2019) call
a “community of inquiry,” in that we discuss how our research team collect-
ively applied abduction in coding and analysis.

Our steps are as follows: 1) Generating an Abductive Codebook, 2)
Abductive Data Reduction through Code Equations, and 3) In-Depth
Abductive Qualitative Analysis. It is through these three steps that one
applies abduction to build theory using our approach (see Table 1 below).

Abduction consists of key moments of discovery—both small moments in
the process of analysis and larger moments that synthesize these smaller
moments (e.g. Tavory and Timmermans 2014). In our process, Step 1b
(Generating inductive codes through group coding) and Step 2a (Text reduc-
tion through code equations) are phases in which the analyst creatively
engages with the data in “little” abductive movements. Step 1b consists of

Table 1. Stages of Abduction and Steps in Abductive Coding.

Step 1—

Generating an

Abductive

Codebook

Step 2—Abductive

Data Reduction

through Code

Equations

Step 3—In-Depth

Abductive

Qualitative

Analysis

Revisiting the

Phenomenon

1.a 2.a 3.a and 3.b

Defamiliarization 1.b 2.b 3.a

Alternative Casing NA 2.a 3.a and 3.b
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smaller abductive discoveries relative to coding that then enable Step 2a’s
smaller discoveries in the development of the code equation and reduction
of data. It is then in completing step 2b (Code equation verification) and
moving to Step 3 (In-Depth Abductive Qualitative Analysis) that the
analyst leverages these smaller movements to make larger discoveries.
Thus, these three steps help to organize the overall logic and progression
of abductive analysis. By moving through these three steps, analysts
engage in the broader abductive discovery process and conclude (Step 2b
and 3) by potentially arriving at larger movements of discovery of new the-
oretical insights based on surprising and anomalous research results. We
therefore see each step and sub-step as cumulative in the overall process of
an abductive logic of inquiry.

In what follows, we provide examples of each step of our abductive
approach in our team research. We developed this approach throughout our
analysis—which seeks to advance the understanding of the interaction
between policy and politics. More precisely, we investigate whether certain
observable trends in public policy (supranationalization and neoliberalism)
influence citizens’ democratic linkages—defined as “the various ways in
which citizens are connected in a structural and durable way to their political
system” (Kitschelt and Wilkinson 2007). The theoretical argument at the
center of the project is “policy feedback” (e.g. Pierson 1993; Campbell
2003; Mettler 2002; Bussi et al., 2022). For this article, we will focus only
on two dimensions of the project—democratic linkages and neoliberalism
—and on three qualitative data sets (see Appendix for a detailed description
of each data set): Céline Belot’s semi-structured interviews in the UK col-
lected from 1995–6 (Belot 2000), the 2005–2006 UK CITAE focus groups
(Duchesne et al. 2013), and the semi-structured interviews from the
Qualitative Election Study of Britain collected from 2016–7.

Step 1. Generating an Abductive Codebook

Our first methodological step is the creation and development of the abduc-
tive codebook. In our case, we divided this coding among team members.
Generating an abductive codebook can be divided into two sub-steps: a)
using an initial deductive, theoretically-based broad codebook and b) subse-
quently generating inductive codes through group coding. Through these two
sub-steps, one creates an abductive equivalent to indexing and creating
memos (Deterding and Waters 2018). However, the indexation cannot
follow the interview grid as the primary researchers’ goals are different
from the research questions developed in the secondary qualitative analysis.
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More generally, we can see these two sub-steps as an applied strategy for
abductive coding and as a first tactic to cultivate innovative findings by taking
advantage of the analytical potential of abduction. Step 1 is where the
researcher engages with the data as an expert coder and generates the first
round of discoveries via coding—and more specifically through revisit and
(de)familiarization. By applying this strategy, researchers can engage in
abduction through their own creativity as it best applies to their research,
but do so efficiently by already having an applied strategy for how to
approach abductive coding as a way to develop new theoretical insights
based on surprising and anomalous results in light of existing theories
(Brandt and Timmermans 2021).

Step 1.a. Using an initial deductive, theoretically-based broad codebook. The first
sub-step is the generation of the initial deductive, theoretically broad code-
book.6 It should be based on the theory and research used to build the research
questions. The key, then, is to design the deductive codebook so that
researchers can code for excerpts of text that allow them to address the
research question empirically. This sub-step then entails the first round of
coding of a smaller—yet strategically selected in particular for diversity pur-
poses—number cases within the data set to generate indicative codes.

In our project, subgroups of researchers were tasked with coding sections
of the data set in a QDA software. Our initial deductive codebook consisted of
two sections: thematic and descriptive. Building on sociological knowledge,
we established a descriptive codebook of factors that would be important to
our analysis in particular for socio-demographic factors (e.g. age, education)
likely to structure citizens’ perceptions and reactions to politics and policies.
This descriptive coding corresponds to attributes as highlighted by Deterding
and Waters (2018, 17–18). Descriptive codes are not limited to individual
characteristics as other levels of analysis may be pertinent for the analysis
such as the period of time or the location where the data were collected. In
parallel with building and applying this descriptive coding, we investigated
the relevant literatures regarding the four main dimensions of the project:
policies, democratic linkages, supranationalization, and neoliberalism.
Broadly speaking, each dimension constituted the main research focus of
one or more of the team members. By adding these dimensions in a single
common codebook, the analysis gains theoretical breadth and fosters both
the revisit of the phenomena and defamiliarization which are central to the
abductive logic of inference. Following our qualitative secondary analysis,
we needed to operationalize those concepts in a way that would be neither
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country- nor time-specific. Our operationalization also had to travel across
datasets and, thereby, not to be restricted to one of the datasets.

A major aim of our research is to contribute to our understanding of
“Democratic Linkages.” Initially, the “democratic linkage” codebook was
developed in an explicitly deductive manner that was intentionally broad
enough to allow for inductive codes to emerge—but at the same time
served to limit the scope of inductive coding. Our deductive codes for
Democratic Linkages were based on Easton’s paradigmatic framework
(Easton 1965). This decision was informed by our reading of the historical
trajectory of post-war studies on the relationship between citizens and dem-
ocracy (Dalton 2007; Hay 2007; Norris 2011). Many surveys contain items
that were inspired by Easton’s theories and that were kept with minimal
changes to ensure longitudinal comparison in the study of political support
(Linde and Ekman 2003, 1; see also Torcal and Moncagatta 2011). We
thus created five deductive Democratic Linkage codes: Political
Community, Regime Principles, Regime Institutions, Political Actors, and
Citizen Participation (see Appendix for a table of all of our initial deductive
codes).

Step 1.b. Generating inductive codes through group coding. In our theory-
building approach, through an initial round of coding, the researcher(s) gen-
erate(s) inductive codes—thus identifying and documenting anomalous or
surprising cases. If analysts are working as a team, meeting throughout this
process to discuss the progress of the inductive codes and update the code-
book is helpful. After the researcher(s) determine(s) that inductive coding
has reached saturation, the researcher(s) update(s) the codebook—thus creat-
ing a final abductive codebook. The analyst(s) can then proceed to code the
entire corpus—which is often a compilation of data sets—with the full abduc-
tive codebook. During this process, the researcher(s) recode(s) data that was
initially coded with the initial deductive codebook using the subsequent
abductive codebook.

In our project, the first element of induction came about when testing and
further developing the democratic linkages deductive codebook. Initially, we
assumed the distinction between formal political actors (e.g. politicians) and
other actors not formally endowed with political power (e.g. pressure groups)
as potentially relevant to explaining citizens’ changing relationship with the
political system. This was deduced from the literature on the suggested
double shift in which traditional political actors seem to lose importance
while “new” or other actors gain a form of (depoliticized) political power
—e.g. technocrats and economists during the 2008 Eurocrisis (Hay 2004,
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2007; Harmes 2012; Stoker and Hay 2017). However, the distinction between
these two types of politically relevant actors did not seem to offer a relevant
understanding of the changing nature of citizens’ relationship to democracy.
What we did find in the data were elements reminiscent of what can be found
in the literature on populism (Kaltwasser 2017)—namely, a recurrent skepti-
cism towards “the elite(s)” and an emphasis on democracy as “rule by the
people” in which participation is considered primarily as a way for the
people to express their will–e.g. by voting or demonstrating.

In our view, both grounded theory coding schemes and machine learning
algorithms might have serious issues identifying anomalies in the data: the
former for epistemological reasons as without preexisting theories, empirical
observations cannot be deemed surprising; the latter for practical reasons.
Anomalous cases are by definition unforeseen and their detection often war-
rants substantial expert knowledge. For example, we often coded entire sen-
tences, paragraphs, or passages that did not use an obvious “keyword” to be
expected in a given context. Furthermore, it is in the nature of secondary data
analysis that the corpora to be analyzed are made up of independently col-
lected and diverse data. Diversity comes, for example, in form of different
languages and types of data, e.g. focus groups, semi-directive interviews,
etc. While machine learning algorithms are increasingly able to handle
some of these issues, they may be less suited to detect anomalous theoretical
cases. However, in principle, we believe that the use of machine learning
methods for the analysis of the remaining corpus need not be incompatible
with an abductive logic. For instance, one might consider training a super-
vised machine learning algorithm based on an established abductive code-
book and evaluate its validity via the application of a “test set” (Grimmer
and Stewart 2013). We agree with Quinn et al. that “each method for analyz-
ing textual content imposes its own particular set of assumptions and, as a
result, has particular advantages and weaknesses for any given question or
set of texts” (Quinn et al. 2010: 210). As always, the decision should be
based on the specific research question—as well as in the case of textual
data, the size and heterogeneity of the corpus and the complexity of the
searched categories. We acknowledge that our approach may necessitate
comparatively high human “costs” in particular in the coding phase itself
(Quinn et al. 2010) and thereby sets limits to the amount of data analyzed.

Step 2. Abductive Data Reduction Through Code Equations

For our approach, abductive data reduction consists of two sub-steps: a)
Text-reduction through code equations and b) Code equation verification.
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There is a key divide between Steps 2a and 2b. Through the researcher’s
engagement with codes, which then facilitates further engagement with the
data, the researcher creates an initial code equation in Step 2a. It is in Step
2b that the researcher uses the code equation to reengage with the data and
make big abductive discoveries concerning a “final” code equation. This
equation is made possible by the little discoveries made in Step 1 from
coding. By using the code equation, the researcher can tie together codes
in a way that allows her to understand a complex phenomenon.
Additionally, code equations offer insight into how a phenomenon’s compo-
nents relate to one another. This step is analogous to the dimensionality
reduction that many methodological approaches employ—for example
when topic models reduce the many dimensions of a document formed by
its words to document-topics (e.g. DiMaggio et al. 2013). Many other
approaches reduce dimensionality by showing that components tend to
“hang together”, and thereby lead researchers to new conceptualizations of
phenomena.

Step 2.a. Text reduction through code equations. Rather than performing a pre-
liminary analysis of a set number of words surrounding a keyword (Davidson
et al. 2019, 372), we propose an additional useful approach in which the ana-
lyst(s) proceed(s) by investigating passages that they coded using the full
abductive codebook. The task at hand, then, is to reduce data that have
already been qualitatively coded using a QDA software. For this process,
we suggest using QDA software tools that allow for the operationalization
of phenomena that span codes and allow (the) researcher(s) to address the sec-
ondary analysis research question(s) empirically.

We define “code equations” as the combination of codes to operationa-
lize phenomena that span individual codes. Creating a code equation is
important because it allows for two key processes. First, one code in a
data set may include hundreds or thousands of excerpts. Creating code
equations then allows for more precise operationalizations that reduce
text through the application of a theory-driven combination of codes.
Second, a key feature of secondary qualitative analysis is its potential to
investigate a research question that spans individual data sets. Thus, as
researchers are driven to compile data sets to investigate increasingly
complex questions, code equations allow for corresponding increasingly
complex operationalizations.

We proceed with our discussion and demonstration using ATLAS.ti
because it is the QDA software we used in our research. A key element
of our process was our use of ATLAS.ti’s “Query Tool”—which is

16 Sociological Methods & Research 0(0)



similar in many ways to running a “Coding Query” in NVivo. Code equa-
tions can be created using functions such as “AND” or “OR” or “COOC”
(i.e. co-occur of two or more codes) to combine codes using the
ATLAS.ti Query Tool. Researchers can create deductive code equations
and then investigate if these operationalizations appear in the data. This
process then allows us to reduce vast amounts of text to excerpts that fit
our code equation. If the code equation does not succeed in reducing
data, then this is a sign that the researcher might need to adjust the code
equation (see step 2.b).

This is useful in two cases that we argue can be shared by all qualitative
researchers. First, this is useful for scholars whose research question
focuses on a phenomenon that has been untheorized or under-theorized
and thus there is insufficient information to create specific deductive
codes. For example, one of the team’s first analyses was generated by
the following research question stemming from the literature on
Euroscepticism in the UK: How do UK citizens combine neoliberal ideo-
logical reasoning in support of market competition with nationalist ideo-
logical reasoning to oppose EU membership? At the heart of this
question is the issue of UK citizens’ specific strand of Euroscepticism,
that is, citizens’ rejection of the EU that combines nationalism (the
national political community) and neoliberalism (fair market competi-
tion). Thus, we wanted to investigate a potential intersection of neoliber-
alism and nationalism. Such an intersection was largely untheorized.
However, through code equations that combined different neoliberal
and nationalist codes, we were able to engage in a process of abductive
discovery by leveraging code equations that combined these two codes.
Second, code equations are useful for codes that are more specific than
those from the original codebook. For example, we only wanted to
look at the intersection of neoliberalism and nationalism as applied to
the UK by Brits. By adding a deductive code to the code equation that
coded for the theme of the UK, we were able to use a code equation to
reduce the data to focus only on cases in which respondents used neolib-
eral and nationalist ideology in conjunction with the context of discuss-
ing the UK.

More specifically, we began by theorizing that we would find both
input and output legitimacy in the nationalist neoliberal legitimations
that we were interested in through our research question. The initial oper-
ationalization resulted in our construction of two equations for input
and output legitimacy (Scharpf 1997, 1999) that mobilize some of
our codes:
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1) Input legitimacy: National Level (UK) COOC Regime Institutions COOC

Neo-Liberal Fair Market Competition COOC Fairness Judgement

Application: the UK national level appears together with regime institutions,

fair market competition, and judgments of fairness

2) Output legitimacy: EU Level COOC Regime Institutions COOC Political

Community COOC Unfairness Judgment.

Application: the EU level appears together with regime institutions, fair

market competition, and judgments of unfairness

See Appendix for the explanation of each code.

The way our research leveraged code equations was to combine theoreti-
cally relevant codes. Thus, this approach would have been impossible using
more interpretative approaches (Glaser and Strauss 1967; Nelson 2017), as
our code equations combined identified codes of theoretical relevance. The
abductive codes we used were created by researchers through interpretative
analysis—which is then impossible for coding via machine learning algo-
rithms. In comparison to Karell and Freedman’s approach (2019), who
perform a “recursive movement between the computational results, a close
reading of selected corpus material, further literature on social movements,
and additional theories that engendered a novel conceptualization of radical
rhetorics” (ibid: 730), we engaged in a recursive abductive coding approach
that was driven by deductive and inductive codes. Our use of codes that were
identified as theoretical anomalies by team members gives this approach a
certain type of relevance for our research questions that inductive and
machine learning approaches cannot provide.

Finally, it is important to note that this step performs a key task that is
similar to Davidson et al.’s (2019) second step (“Recursive surface ‘thematic’
mapping”). However, rather than data reduction through keywords, our
sub-step reduces data through code equations.

Step 2.b. Code equation verification. Once we used the Query Tool to create a
code equation, we analyzed excerpts of the text specified by the code equa-
tion. To proceed, the analyst must revisit each excerpt to verify that the phe-
nomenon that is supposed to be captured through the code equation
operationalization can in fact be identified in the data excerpt. This then
creates a process of identifying false positives. By “false positive” we
mean a data excerpt that has been coded with all of the codes specified in
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the code equation but in which the researcher cannot recognize the phenom-
enon that the code equation operationalizes. Researchers must keep a record
with notes concerning each excerpt identified by the code equation and why
each false positive is not a case of the phenomenon. This process then allows
researchers to identify cases that are anomalous to the operationalization—
thus providing a further step of applying abduction to identify theoretically
anomalous cases. Subsequent analysis can then compare and contrast false
positives with verified cases.

Two key elements allow us to know if any code equation is useful.
The first is data reduction. If the code equation does not reduce the
data to a degree that is manageable for timely human analysis, then
this is a sign that the equation is overly broad—and therefore the oper-
ationalization is excessively broad. The second is the number of false
positives. While the number of acceptable false positives will depend
on the data and the research question, our general rule is that if there
are more false positives than matches, then the code equation is not
precise enough.

During this step, the researcher(s) may also realize that the code equation
is incomplete and use the stage of code equation verification to adjust the code
equation and verify excerpts identified by the updated equation. The process
of equation development may take some time and involve multiple iterations
of a code equation. For example, if a code equation does not reduce—or mini-
mally reduces—text excerpts, this is a sign the code equation could require
adjustment. As a general tool in qualitative research, code equation verifica-
tion can then be used to refine concepts. By double-checking code equations
with the corresponding data to check for false positives, one not only verifies
one’s coding but also refines the operationalization of the phenomenon at
hand. Code equation verification then allows the researcher to gauge if the
operationalization—and corresponding conceptualization—is overly narrow
or broad.

In the context of the abductive process, code equations are thus a key
turning point. Code equation verification involves both small discoveries
and large discoveries. The researcher makes small discoveries through code
equation verification and then adjustment the equation. Once the researcher
has found a code equation that is not too narrow (too many false positives)
and not too broad (too little data reduced), then the analyst engages with
the matching cases and can assess if the identified data from the code equation
present a coherent and theoretically relevant discovery. Once the researcher
has done this, she will know that she has made a “big” abductive discovery
and therefore found a “final” code equation.
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In our research, these equations led us to analyze all of the quotations that
matched each equation. Through this process, two things became clear: First, the
COOC (cooccur) function was not specific enough and produced too many
quotes that did not match the description of input or output legitimacy—or “false
positives.” Second, rather than two different types of legitimacy, our analysis of
the quotes revealed that respondents used one logic of legitimation both to legitimate
the UK and delegitimate the EU—which we labeled “Nationalist Neoliberal
Euroscepticism.” (Vila-Henninger et al. 2019a, 2019b). Thus, through developing
several iterations of the code equation, we found our final code equation:

Nationalist Neoliberal Euroscepticism: “Nationalist Neoliberal Euroscepticism”

= “Neo-Liberal Fair Market Competition” AND “Political Community” AND

“National Level” AND “In-Group/Out-Group” AND “Fairness” AND

“Unfairness” AND “EU/European Level.”

See Appendix for the explanation of each code.
Application: We operationalized Nationalist Neoliberal Euroscepticism by

combining two deductive codes sub-equations. First, UK respondents defined fair

market competition relative to the interests of the UK or a subset of UK citizens.

This means that respondents used the wellbeing of the UK, or a subset of its

citizens, to define the rules for fair market competition—which is inherently

nationalist. The result is that UK respondents then use this criterion to evaluate (a)

UK actor(s) as behaving fairly (Sub-Equation 1). Next, UK participants

delegitimated an EU-linked actor as unfair for not following the aforementioned

nationalist market rules. By doing so, they define that actor as a member of an

out-group (Sub-Equation 2).

Here, it is important to note our shift in theoretical frameworks. From our
analysis of the quotes, we realized that the input/output distinction was not
relevant to our analysis, and instead that it was more useful to understand
these fairness legitimations as justifications of political power using widely
accepted beliefs about “rightful standards of governance” (Beetham 1991;
Beetham and Lord 1998).

We think that this entire process is not possible with inductive or machine
learning approaches because our technique utilizes deductive codes and/or
abductive codes. Thus, leveraging our deductive and abductive codes, we
were able to engage in a second process of abduction that allowed us to incor-
porate more nuance that was relevant to our research question. This form of
directed analysis emphasizes the research question of the secondary
researcher rather than that of the primary researcher or probabilistic associa-
tions of words within a text (Karell and Freedman 2019, 729). This step is
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analogous to Davidson et al.’s (2019) third step called “Preliminary analysis.”
However, rather than analyze excerpts of text that contain keywords, this step
allows the researcher to perform a subsequent round of coding and prelimin-
ary analysis through abductive coding.

Step 3. In-Depth Abductive Qualitative Analysis

For our approach, abductive qualitative analysis includes two sub-steps: a)
Inductive coding of reduced cases and b) (Manual) Qualitative analysis. It
is important to note that through both stages of this step, the researcher(s)
can apply Deterding and Waters (2018) “Stage 3: Exploring Coding
Validity, Testing, and Refining Theory” (ibid: 23) abductively.

Step 3.a. Inductive coding of reduced cases. Using the verified cases from the
QDA software code equation, researchers perform manual in-depth qualita-
tive analysis. Part of this process is the generation of a subsequent inductive
coding scheme specific to the codes identified by the code equation. This
inductive coding scheme, which emerges from the analysis of verified
cases from the code equation, allows to capture nuance in the operationalized
phenomenon and to extend theory further by generating data-driven codes
that capture greater detail in the phenomenon operationalized in the code
equation that has not been yet been documented. This sub-step may also
result in a revision of the code equation and subsequently a return to step two.

Once we had isolated all of the cases that fit the final equation and elimi-
nated all of the false positives in our data, we coded our cases inductively. Out
of our abductive analysis, we found that the intersection of nationalism and
neoliberalism in citizens’ beliefs allowed for the emergence of a specific
form of Euroscepticism in the UK from the mid-1990s until just after
Brexit. Our coding reveals that this form of UK Euroscepticism was
present in all our datasets – thus for more than two decades and across differ-
ent social groups. More precisely, our qualitative analysis of our cases iden-
tified by the full equation captures the combination of nationalist and
neoliberal beliefs that UK citizens draw from in their benchmarking of the
EU with respect to the UK (Vila-Henninger et al. 2019b). We show that citi-
zens hold a positive benchmark of national autonomy that makes the status
quo of EU membership look like a bad deal (De Vries, 2018). These
results were central to our analysis. It was through this second round of
abductive analysis that we were able to identify anomalous cases that
allowed us to understand our phenomenon of interest with a higher degree
of nuance—and, therefore, build our theoretical explanation.
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Step 3.b. In-depth (manual) qualitative analysis. The final step is an in-depth
(manual) qualitative analysis and the writing of articles, research reports,
and/or books. This step corresponds to Davidson et al.’s (2019) fourth step
of “In-depth interpretive analysis” (372) and concludes Deterding and
Waters (2018) third step “Exploring Validity, Testing and Refining
Theory” (ibid: 23–25). We emphasize here that this is a “manual” analysis
because it is conducted by the human researcher rather than by a QDA soft-
ware itself or another computer program. During this step, researchers may
also realize that the code equation from step 2, or the inductive codes from
step 3.a, are incomplete. This would then result in returning to step 2 or 3.a
to refine the analysis and provide a more complete empirical response to
the research question.

Regarding our own research question, existing research has recently iden-
tified expressions of neoliberalism and nationalism in citizens’ discourses
(Taylor-Gooby et al. 2019; Andreouli and Nicholson 2018; Andreouli
2019). However, our approach allowed us not only to identify a hybrid
form of Euroscepticism but also to illuminate how citizens navigate
between nationalist and neoliberal beliefs in their benchmarking comparison
of the UK’s EU membership against autonomy. Below, we provide an
example of the manual qualitative analysis that emerged and how we were
able to mobilize our abductive coding and our in-depth qualitative analysis
to contribute new theoretical insights while building on existing theories
(Vila-Henninger et al. 2019a, 2019b).

Drawing on the discursive social psychology of Billig (1987), our approach

proposes thereby to shift the focus from citizens’ attitudes to the discursive

articulation of Euroscepticism in lay citizens’ discourses based on collective

ideological repertoires – which we refer to as everyday Euroscepticism (Howarth

& Andreouili, 2017). Specifically, this study sets out to systematically investigate

whether and how UK citizens’ Eurosceptic reasoning draws from nationalist and

neoliberal ideology in order to contribute to the understanding of UK citizens’

Euroscepticism leading up the Brexit referendum.

In this section, we illustrate the overall results presented in Table 4 by relying

on quotes we consider typical of everyday UK Euroscepticism. These quotes are

retrieved from our three datasets and, thereby, are illustrative of each period and

the various sociodemographic and political characteristics of the participants. We

discuss how nationalist (identity and sovereignty) and neoliberal beliefs (fair

market competition) inform citizens’ benchmarking comparison and highlight its

decisive role for everyday Euroscepticism in the UK. Analytically, we focus on the

commonalities between different periods of time, and different groups of citizens.
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We begin with a collective interview from the CITAE data realized in Oxford

in 2006. A respondent from an activist focus group, Ben – a 19-year-old

conservative student – explains that “you don’t need these sorts of crippling
regulations which are sort of destroying the British economy”. Referring to the issues

surrounding the creation of “The Hazardous Waste (England and Wales)

Regulations” (UK Parliament, 2005), he argues that “regulations of certain disposals
of waste [are] unnecessary”. The respondent concludes by discussing the costs for
the British economy: “[The think tank] Civitas has calculated we’d be 40 billion pounds
a year better off if we left the EU”. Similar arguments to this were echoed by

prominent proponents of Brexit – who also invoked the Civitas report mentioned

by Ben. This is a typical example of the benchmarking mechanism as it shares key

similarities with the attitudinal EU differential that De Vries’ (2018) found. We see

a comparison of the state of the UK as a member of, versus autonomous from, the

EU. But we also see that economic fairness, for Ben, is determined by the

short-term interest of the British economy (“we’d be 40 billion pounds a year better
off if we left the EU”). For him, there is an unfair imposition of EU market rules, or

“crippling regulations”, upon the UK which are “destroying the British economy”. The
EU’s supposed imposition of rules upon the British economy then compromised

the sovereignty of the UK.

Discussion
Discussing abductive analysis and coding together is key to develop—or dis-
cover—what tactics for coding in emerging contemporary social science, in
particular for secondary qualitative analysis or large-scale interview
researches, could be. Not acknowledging the changing practices epitomized
by (big) secondary analysis results in leaving many qualitative researchers
ill-equipped to perform their analyses rigorously (Deterding and Waters
2018). We argue that abductive analysis can be further aided by careful meth-
odological data analysis and coding. We therefore outlined how these coding
tactics enrich the analysis and cultivate the conditions for generating creative
and novel theoretical insights.

A key part of qualitative abduction is that there is a dialogue between each
step of the process that serves to develop, extend, and refine theory. We see
this both in the qualitative work on abduction (Timmermans and Tavory
2012; Tavory and Timmermans 2014) as well as the literature on Big Qual
(Davidson et al. 2019). In this way, our approach seeks to engage in a dia-
logue between theory-driven and data-driven qualitative analysis. It is
through this abductive process that researchers identify anomalous cases
and incorporate them into the theoretical framework with which they are
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performing abduction—thus engaging in theory building and extending abduc-
tive inference. We thus see our contribution as adding to the methodological
work on abduction (Timmermans and Tavory 2012; Tavory and
Timmermans 2014, 2019) that can hopefully be used to facilitate the blossoming
empirical application of abduction in sociology and beyond (Carlson 2017a,
2017b, 2019; Timmermans 2017; Reilly 2018; Blee 2019; Karell and Freedman
2019; Vassenden and Jonvik 2019; Ignatow 2020; Vila-Henninger 2020).

In particular, code equations are a key tactic that we discuss. They allow
researchers not only to see how different subcomponents of a phenomenon
“hang together,” but also to understand how they relate to each other. Code
equations then help to facilitate the abductive discovery process and are an
anchor of our applied approach. Furthermore, code equations play an import-
ant role in our strategy of data reduction. We argue that code equations allow
researchers to leverage codes to investigate elements of their research ques-
tions that are more complex than a single code. Machine learning and com-
putational approaches could very well utilize theoretically-driven code
equations—and we encourage those who use these tools to do so.

We also see this article as contributing to work on secondary qualitative
analysis—in both the Francophone (for a review see Duchesne 2017) and
Anglophone (for a review see Hughes and Tarrant 2020) literatures. We
see secondary qualitative analysis emerging as an increasingly useful and
necessary tool. We hope that our approach can help others to leverage their
secondary analysis to build theory (Swedberg 2017). This article can also
help to foster an exchange between work on qualitative secondary analysis
(Duchesne 2017; Hughes and Tarrant 2020) and the abduction literature
(e.g. Timmermans and Tavory 2012; Tavory and Timmermans 2014). As
such, we hope that more scholars will be convinced by the opportunities
offered by qualitative secondary analysis—both given the limitations of
COVID-19 as well as the increased number of qualitative data repositories
—and that this transition will include abduction. Finally, our approach
helps to facilitate qualitative theory building through teamwork and may
assist in strategies for the division of labor between researchers.

To conclude, it is important for us to note that secondary qualitative ana-
lysis should never be a replacement for primary qualitative analysis. Instead,
it is a tool that can be used by researchers, when merited by the research ques-
tion at hand, to build theory and to respond empirically to scientific inquiry
that is impossible to answer with primary qualitative research alone. As
such, primary and secondary qualitative research are complementary and
can be used to extend the contribution of a given qualitative data set to
further developing abductive inference.
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Notes

1. Note that the broader project includes six datasets composed of individual and col-
lective interviews collected between 1995 and 2019 in 4 countries (Belgium,
France, the UK, and the US) (Beaudonnet et al. 2022; Belot 2000; Duchesne et
al. 2013; Mercenier 2019; Vila-Henninger 2020).

2. This list is in no way exhaustive. For a review of the broad range of archives and
data repositories available for qualitative secondary analysis see Gaspard (2017),
Edwards et al. (2021), and Haaker (2020).
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3. Abduction has key precursors in qualitative sociological methods (Stryker 1996)
and is related to a hand full of other qualitative approaches (Goldberg 2015;
Mohr et al. 2015; Johnston 2017). These developments seem to respond to
Lamont and Swidler’s (2014) emphasis on the need in qualitative research for ana-
lytical approaches that apply broad theoretical toolkits.

4. According to Timmermans and Tavory (2018), Pierce distinguished two kinds of
surprise: “novelty—or a new experience—and anomaly—or an unexpected experi-
ence.” (171) In this article, we refer indifferently to surprising, anomalous, or novel
results.

5. Davidson et al.’s (2019) qualitative “breadth-and-depth method” provides a very
clear and stimulating approach to data reduction—which uses automatic coding
to perform an iterative investigation of the data that combines computer-assisted
analysis with in-depth interpretive analysis. Specifically, they use a technique
called “recursive surface thematic mapping” that reduces data through auto-coding
keywords that match a theme from theory or the literature. The approach is essen-
tially to reduce data through auto-coding keywords that match a theme from theory
or the literature—and is initially deductive in this sense. In this way, Davidson
et al.’s (2019) method allows for deductive inferences about social processes.

6. Davidson et al. (2019) outline the first step in their approach as an “Overview survey
of archived qualitative data and construction of a corpus” (369). We do not discuss in
the article how the corpus is constructed. If applied in conjunction with Davidson
et al.’s (2019) procedures, our step 1.a should be applied after this overview.
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